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e We highlight the role of diversity in ZSC Trajectory Diversity 2. Diversity of Solutions in Tree-like MDPs
We leverage diversity in a PBT approach
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2. Taskisrevealed
3. Players each train a policy independently e JSD + Action Discounting = TrajeDi Objective
4. Test time: evaluate cross-play score between players A 2 06
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Figure 1: Corridor coordination task admitting three optimal self-play 1. Zero-Shot Coordination in a Matrix Game

policies, only one of which is suitable for ZSC.
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